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Abstract

This paper presents a diachronic study of Russian prefixes in the political news reporting. The
analysis examines derivational prefixes in the Russian media discourse for each year in the time
period 2012-2020. The prefixes are analyzed using derivational keymorphs. The data material
consists of a corpus of political texts from more than 60 Russian online media resources. Key-
morphs have previously been used to investigate Czech presidential discourse (Fidler and Cvrcek,
2019), the Russian media resource Sputnik Czech Republic (Fidler and Cvrcek, 2018; Cvréek and
Fidler, 2019) and Putin’s speeches (Janda et al., 2023). The use of keymorphs enables one to focus
on morphological features and to capture general characteristics of the textual content in a lan-
guage corpus. The work uses Corpus-assisted discourse studies (CADS) as the main framework
and is a contribution to the understanding of Russian political discourse.

1 Introduction

This paper studies Russian morphological derivation in political discourse. More precisely, it studies pre-
fixes in the Russian political news reporting from a chronological perspective in time period 2012-2020
by applying the concept of keymorphs. This concept has been introduced by Fidler and Cvréek (2019) as
an extension of keyword techniques. Keywords are a useful part of corpus-based discourse studies (Part-
ington and Duguid, 2020) and are often used in the study of political discourse (Adel, 2010). While an
investigation of keywords highlights major key topics and stylistic features in the discourse, keymorphs
identify to a greater extent general characteristics of the discourse (Fidler and Cvrcek, 2019). The exten-
sion of the concept of keyness beyond keywords to other key items have previously also been introduced
for other linguistic units than morphemes. One major approach that uses key part of speech tags (pos-
tags) and semantic categories in the analysis of linguistic characteristics has been developed by Rayson
(2004, 2008). The method of identifying key pos-tags and key semantic categories has been exploited in
a variety of studies. Culpeper (2009) utilized key part of speech and semantic field analysis to analyze
the characters in Shakespeare’s Romeo and Juliet. Archer et al. (2009) explored Shakespeare’s plays in
terms of key semantic fields and Afida (2007) analyzed business magazines using the same technique.
Some recent studies on key parts of speech have been conducted by Breeze (2019) on legal genres and
Smith and Waters (2019) on a British radio show.

The studies have not focused on morphosyntactic features since the opportunity to do that in English
is limited due to a quite high degree of analyticity (Cvrcek and Fidler, 2019). Czech and Russian are on
the other hand typologically more synthetic and have inventories of identifiable inflectional markers that
are richer. Fidler and Cvrcek (2019) show that an investigation of inflectional keymorphs (case, number,
person, finiteness, verb negation) and part of speech keymorphs revealed representations of situations
and speaker images in Czech presidential speeches. Ideological differences between the presidents were
associated with parts of speech and stylistic variations with inflectional features. They have also explored
the Russian media portal Sputnik Czech Republic and showed that inflectional keymorphs are a tool that
provide information about the structure of the discourse (Fidler and Cvréek, 2018; Cvréek and Fidler,
2019). As an illustration, the analyses show that Russia is likely to be portrayed as a victim and Putin to
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be represented as an actor with agency in the Russian-controlled media outlet. Janda et al. (2023) tested
for the first time keymorph analysis on Russian data in a study of Putin’s speeches delivered around the
time of Russia’s full-scale invasion of Ukraine. The study revealed the roles of the actors Russia, NATO
and Ukraine in the narrative by exploring key grammatical cases. To mention some roles, the different
actors could be portrayed as agents, victims, dynamic, static, places and states.

This study, however, focuses on the derivational morphological system in Russian political news re-
porting within the framework of Corpus-assisted discourse studies (CADS) (Partington et al., 2013). In
particular, it is built on the perspective that discourse studies target semantic issues and consequently as-
cribe meanings to all linguistic elements in the contexts, including the smallest meaningful constituents in
the language (Spitzmiiller and Warnke, 2011). The study is also motivated from the approach of Cognitive
Grammar, which “treats all linguistic units and categories as meaning-bearing, in all contexts” (Divjak and
Janda, 2008). From empiricism, researchers have noticed that the Russian morphological derivational sys-
tem reacts to extra-linguistic factors such as socio-political processes (Ratsiburskaya et al., 2015). Based
on the Russian socio-political development during the investigated time period, diachronic variations are
to be expected. Characteristic of the contemporary Russian language is the rise of the derivational nom-
inal prefixes whose use extensively are of non-Slavic origin (Zemskaya, 2006). The prefixes originate
alongside English from Greek and Latin (Koriakowcewa, 2009).

There have been advances in the creation of Russian derivational resources in the recent years that
enables one to investigate the Russian discourses by exploiting derivational morphemes.! This paper
examines co-occurrences of lexical constituents and discursive functions in the Russian political media
discourse that belong to other aspects of the discourse that are not otherwise investigated such as key
topics or typical linguistic items identified through the use of keywords. Since a keymorph analysis uses
the same principles as other keyness statistical approaches, it also has the same advantages compared to
a qualitative analysis. A keyword analysis can reveal features that are not obvious to an unaided eye and
are hard for an observer to detect (Culpeper, 2009). Another benefit according to the author is that it also
uncovers patterns without the use of intuition of an observer. The aim of this preliminary study is to probe
the Russian political media reporting by identifying changes in the salience of derivational prefixes. The
keyness of the prefixes in the study is estimated by using the derivational keymorph technique. Against this
background, the study will present preliminary results based on the use of the derivational morphology
resource DeriNet.RU 0.5 for Russian (Kyjdnek et al., 2022).

2 Methodology

The diachronic study approaches Russian political news reporting through the evolution of keyness of
derivational prefixes. The prominent prefixes for each year are identified by comparing the relative fre-
quencies of the prefixes in a target corpus composed of texts published in the same single year with the
relative frequencies of the same prefixes in a reference corpus in the time frame 2012-2020. The target
corpora are created by partitioning the language data according to year. The corpora of interest represent
Russian political online reporting for each year in the studied time period. The comparisons are made
with the entire undivided reference corpus that represents Russian language presented on the web. Since
Russian has a comparatively high degree of inflection and the target is semantic constituents, lemmas
from both corpora are used. Every lemma in the corpora is automatically looked-up in the morphological
database DeriNet.RU 0.5 to get derivational information (Kyjanek et al., 2022). If the lexicon does not
contain information about the subparts of a prefixed lexeme for some reason, it is not integrated into the
results.

The keymorph analysis is conducted in the same way as a keyword analysis. In both approaches, a
target corpus is contrasted to a reference corpus. The prominence of the morphemes is calculated by
comparing the frequencies using two types of calculations (Fidler and Cvrcek, 2015, 2019). The first
calculation makes sure that there are enough data evidence. For this purpose, the study uses the statistical
test log-likelihood ratio. The null hypothesis is that there is no difference in the frequencies of a prefix.
The differences in the uses of each of the most prominent prefixes are statistically significant at a level
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p < 0.05. The second calculation estimates the effect size through the metric Log Ratio introduced by
Hardie (2014). The effect size estimator is calculated for each prefix according to equation 1, where fi4;get
denotes the relative frequency of a prefix in a target corpus, frference designates the relative frequency
of the same prefix in the reference corpus and log, is the binary logarithm:

Log Ratio = log, M. (1)

j}eference

Previously, the effect size of keymorphs has been measured using Difference Index (DIN) (Fidler and
Cvréek, 2019). The DIN-index is essentially the difference between the relative frequency of an item in
the target corpus and the relative frequency of the same item in the reference corpus divided by the mean
of the relative frequencies; and then the index is normalized so that the range is +-100. Difference Index
was introduced to handle words that are present in the target corpus but absent in the reference corpus
(Fidler and Cvréek, 2015). However, the choice of Log Ratio appears more intuitive and less complicated
to interpret. On the one hand the measures differ when it comes to magnitude, range and treatment of
the absence of lexical items. On the other hand they both generate the same rank order (Gabrielatos,
2018), which is an important part of the analysis (Fidler and Cvréek, 2015). While Difference Index
has a range between —100 and 100, the range of Log Ratio is unbounded for both positive and negative
values. Difference Index handles absence in corpora while Log Ratio on the other hand does not allow
frequencies to be equal to zero. But in large corpora, the absence of prefixes is unlikely to be an issue.
The interpretation of the value of the Log Ratio is as follows. A Log Ratio value of zero shows that the
relative frequencies of the prefixes are equal in both corpora. A Log Ratio value of 1 means that the
relative frequency of an item in the corpus of interest is twice the relative frequency of the same item in
the reference corpus. A Log Ratio value of 2 corresponds to a relative frequency that is 4 times larger
in the target corpus compared to the reference corpus. If we continue the with the values 3, 4 and 5, the
relative frequency will be 8, 16 and 32 times larger (Hardie, 2014).

3 Data

To be able to calculate the Log Ratio values for the Russian prefixes, both well annotated corpora and
a high-quality derivational analysis tool are needed. Since Russian, as mentioned above, has rich mor-
phology, compared to for example English, corpora annotated with lemmas are therefore required. This
section presents the target corpus and the reference corpus used in the study, as well as the database
containing derivational information about the Russian lemmas.

3.1 Corpora

The study requires, as previously mentioned, target corpora and a reference corpus to calculate the Log
Ratio values of the prefixes. The target corpora consist of a collection of Russian political texts pub-
lished online between 2012 and 2020. The data material is sampled from the most influential Russian
online media resources according to a citation index provided by the leading Russian media monitoring
company Medialogia (2023)? and the selection of texts is made on the basis of political classification. In
the linguistic processing, deduplication of the texts has been applied. The raw texts are tokenized and
lemmatized using the natural language analysis tool Stanza (Qi et al., 2020) trained on the SynTagRus
treebank (Dyachenko et al., 2015; Droganova et al., 2018). The performance for Russian measured in F1
scores are for tokens 99.57 and for lemmatization 97.51.3 The size is more than 500 million tokens from
more than 60 outlets. The extracted texts originate from a diversity of journalistic resources of different
genres, geographical cover and political orientations. The dataset contains Russian political media texts
annotated with publication date.

The acquisition of relevant keyed items is connected to the relation between the target corpus and the
reference corpus (Culpeper and Demmen, 2015). A relation that is close between the corpora increases
the likelihood to obtain keywords that are specific to the target corpus (Culpeper, 2009). Since the interest

Zhttps://wuw.mlg.ru/
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here is to uncover keymorphs that are characteristic to Russian political journalism, a general web corpus
is to prefer to a balanced general corpus. The target corpora are contrasted with a reference corpus that
is much larger in size than any of the target corpora and is assessed to have achieved representativeness
of the Russian web language use during the given time period. In this way, the political aspects of the
textual content will be highlighted. Used as a reference corpus in the study is the internet corpus Ara-
neum Russicum IIT Maximum 19.03 (Benko, 2014a,b; Benko and Zakharov, 2016, 2021; Rychly, 2007).
It is based on web-crawled Russian language data that have been acquired by applying the strategy of
including everything that is possible to come across. The size of the reference corpus is almost 20 billion
tokens from the actual time frame. The reference corpus is tokenized and lemmatized using TreeTagger
(Benko, 2014a; Benko and Zakharov, 2021). In an evaluation of the performance in lemmatization tasks,
TreeTagger trained on the disambiguated subcorpus of the Russian National Corpus (RNC) performed an
accuracy of 97.0% on RNC# and 86.9% on RU-EVAL gold standard (Kuzmenko, 2016). Kotelnikov et al.
(2017) tested the parser on three corpora. The accuracy is 95.21% on the RU-EVAL corpus, 97.31% on
the disambiguated subcorpus of the Russian National Corpus (RNC) and 96.95% on the disambiguated
subcorpus of OpenCorpora. The results were biased on the RNC since TreeTagger was trained on it.
Compared to the Russian national corpus, the selected reference corpus contains more rare lexical items
but may on the other hand be less balanced (Benko and Zakharov, 2016).

3.2 Database

The frequencies of the prefixes in each of the corpora are calculated using the derivational lexical re-
source DeriNet.RU 0.5 (Kyjanek et al., 2022). DeriNet.RU is an open license state-of-the-art derivational
model that captures derivational processes for the Russian language and includes more than 300 thousand
lexemes and 164 thousand binary derivational relations, including derivational prefixation. The database
outperforms other Russian derivational resources. It is the resource that contains the most number of lex-
emes and derivational relations. Besides that, all the lexemes are corpus-attested. The database includes
derivational relations within and between nouns, adjectives, verbs and adverbs, but no compounds. Of
the lexemes in the database, a majority (58%) consists of nouns; verbs and adjectives have about the same
share, 20% respective 19%. The most common derivational relations involve nouns. The far most com-
mon derivational relation is the one where both the base and the derivate are nouns (42%). The maximum
oracle score for a set of derivational relations was calculated to be 87.3%.

4 Results

The morpheme-discursive probe of the Russian political media reporting for each year of the time period
2012-2020 is presented in table 1. Among the most prominent prefixes, one can observe some key prefixes
that are consistently high-ranked as well as prefixes that show large diachronic changes. Three prefixes,
éks- ‘ex-’, vautri- ‘intra-’ and vice- ‘vice-’, have a Log Ratio value of more than 2 for every year. They can
be referred to as the most prominent prefixes in the discourse for the whole time period. The international
prefix giper- ‘hyper-’ shows the largest increase (Spirkin et al., 1982, 129; Ryazanova-Clarke and Wade,
1999, 197-198). Between 2017 and 2018, Log Ratio increased from 2.08 to 4.82 and the prefix took
the top place for the years 2018 and 2019. Its native counterpart sverch- ‘over-, super-" is also activated
in the second half of the time period (Ryazanova-Clarke and Wade, 1999, 194-196). The prefix ul’tra-
‘ultra-’ displays a growing trend during the time period and lands on a Log Ratio value of 2.77 in 2020.
The prefix trans- ‘trans-’ is another prefix that has gained an increase during the time period and peaks
in 2016 with a Log Ratio of 3.33. The prefixes anti- ‘anti-’, kontr- ‘counter-’ and meZ- ‘inter-" decline
throughout the investigated time frame.>

The study confirms several findings in the literature. The nominal prefixes are more important in the
Russian political reporting than the verbal prefixes and the international prefixes are more prominent
than the prefixes of Slavic origin, for instance the international derivational prefixes such as anti- ‘anti-’
(Spirkin et al., 1982, 41), éks- ‘ex-’ (Spirkin et al., 1982, 574), giper- ‘hyper-’ (Spirkin et al., 1982, 129),

%https://ruscorpora.ru/
STransliteration according to Scando-Slavica is used (https://www.tandfonline.com/journals/ssla20).
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kontr- ‘counter-’ (Spirkin et al., 1982, 249), sub- ‘sub-’ (Spirkin et al., 1982, 477), trans- ‘trans-" (Spirkin
et al., 1982, 502), ul’tra- ‘ultra-’ (Spirkin et al., 1982, 513), vice- ‘vice-’ (Spirkin et al., 1982, 104) are
more dominant than the inherited derivational prefixes like meZ- ‘inter-" (Vasmer, 1955, 112; Gerd, 2008,
10; Kuznecov, 1998, 529) and vne- ‘extra-’ (Vasmer, 1953, 210; Gorbacevic, 2005, 641; Kuznecov, 1998,
137) and those in turn are more salient than prefixes typically associated with verbs like po- ‘a little’, s-
‘together, down’, pro- ‘through’ (Janda and Lyashevskaya, 2013), vy- ‘out of” (OZegov and Svedova, 1999,
108-109), voz- ‘up’ (OZegov and Svedova, 1999, 108—109) and so on. An exception from this pattern is
the salient nominal prefix vnutri- ‘intra-’ of Slavic origin (OZegov and Svedova, 1999, 88; Vasmer, 1953,
211).

Year Prefix LR | Year Prefix LR | Year Prefix LR
2012 éks- ‘ex-’ 5.23 | 2013 éks- ‘ex-’ 5.07 | 2014  éks- ‘ex-’ 4.89
vautri- ‘intra-’ 4.07 vautri- ‘intra-’ 3.76 vnutri- ‘intra-’ 4.14
vice- ‘vice-’ 3.05 vice- ‘vice-’ 2.64 vice- ‘vice-’ 3.26
mezZ- ‘inter-’ 2.22 mez- ‘inter-’ 2.30 sub- ‘sub-’ 2.64
anti- ‘anti-’ 1.68 sub- ‘sub-’ 1.96 anti- ‘anti-’ 2.05
sub- ‘sub-’ 1.52 vne- ‘extra-’ 1.87 trans- ‘trans-’ 2.03
kontr- ‘counter-’ 1.44 anti- ‘anti-’ 1.71 vne- ‘extra-’ 2.02
protivo- ‘counter-"  1.43 nedo- ‘under-’ 1.69 protivo- ‘counter-”  1.94
nedo- ‘under-’ 1.38 trans- ‘trans-’ 1.67 meZ- ‘inter-’ 1.70
vne- ‘extra-’ 1.35 kontr- ‘counter-" 1.62 kontr- ‘counter-’ 1.67
2015 éks- ‘ex-’ 4.58 | 2016  éks- ‘ex-’ 5.17 | 2017 éks- ‘ex-’ 541
vnutri- ‘intra-’ 4.23 vnutri- ‘intra-’ 443 vnutri- ‘intra-’ 4.69
vice- ‘vice-’ 3.10 vice- ‘vice-’ 4.00 vice- ‘vice-’ 342
trans- ‘trans-’ 2.46 trans- ‘trans-’ 3.33 trans- ‘trans-’ 2.80
sub- ‘sub-’ 2.40 sub- ‘sub-’ 2.50 sub- ‘sub-’ 2.67
anti- ‘anti-’ 1.98 anti- ‘anti-’ 2.02 giper- ‘hyper-’ 2.08
obez- ‘dis-’ 1.86 giper- ‘hyper-’ 1.88 anti- ‘anti-’ 2.04
meZ- ‘inter-’ 1.80 sverch- ‘over-’ 1.77 ul’tra- ‘ultra-’ 2.01
vne- ‘extra-’ 1.75 ul’tra- ‘ultra-’ 1.74 mez- ‘inter-’ 1.84
kontr- ‘counter-’ 1.67 meZ- ‘inter-’ 1.59 sverch- ‘over-’ 1.68
2018 giper- ‘hyper-’ 4.82 | 2019 giper- ‘hyper-’ 5.12 | 2020 éks- ‘ex-’ 5.02
éks- ‘ex-’ 4.77 éks- ‘ex-’ 4.71 giper- ‘hyper-’ 4.83
vnutri- ‘intra-’ 4.39 vice- ‘vice-’ 4.23 vnutri- ‘intra-’ 3.98
vice- ‘vice-’ 3.54 vautri- ‘intra-’ 422 ul’tra- ‘ultra-’ 2.77
trans- ‘trans-’ 2.93 sub- ‘sub-’ 2.51 trans- ‘trans-’ 2.49
ul’tra- ‘ultra-’ 2.41 ul’tra- ‘ultra-’ 2.38 vice- ‘vice-’ 2.42
sub- ‘sub-’ 2.34 trans- ‘trans-’ 2.14 sub- ‘sub-’ 1.90
sverch- ‘over-’ 1.91 mez- ‘inter-’ 1.76 sverch- ‘over-’ 1.73
meZ- ‘inter-’ 1.53 sverch- ‘over-’ 1.63 protivo- ‘counter-"  1.65
protivo- ‘counter-"  1.50 vne- ‘extra-’ 1.58 vne- ‘extra-’ 1.40

Table 1: The top-10 Log Ratio (LR) values of the prefixes in the corpus of Russian political news for
each year in the time period 2012-2020

The Log Ratio values of the derivational prefixes point to a number of discourse properties in the
Russian political news reporting. The prefixes éks- ‘ex-’, vice- ‘vice-’ and vautri- ‘intra-’ belong to the
most prominent prefixes in Russian political reporting. The most distinguishing prefix in the reporting is
éks- ‘ex-’ with the meaning of former, for example:

(1) S drugoj storony, Belyj dom ne spesit so vtorym paketom sankcij protiv Moskvy v svjazi s otravle-
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niem éks-polkovnika GRU Sergeja Skripalja i ego doceri Julii v britanskom Solsberi. (https:
//www.gazeta.ru/politics/2019/05/16_a_12357661.shtml)

‘On the other side, the White House is in no hurry with a second package of sanctions against
Moscow due to the poisoning of the ex-colonel of GRU Sergei Skripal and his daughter Yulia in
the British Salisbury.’

Also salient in the political media discourse is the prefix vice- ‘vice-’ with a most likely focus on
political deputies:

(2) Otmetim, cto ranee vice-prem’er Rossii Dmitrij Rogozin zajavil o tom, cto serijnoe proizvodstvo
novejsego rossijskogo tanka T-14 "Armata” moZet nacat’sja v 2019 godu. (https://rg.ru/2017
/06/21/rossiia-ne-budet-postavliat-za-rubezh-tank-armata-i-sistemu-s-500.h
tml)

‘Let us note that the Deputy Prime Minister of Russia Dmitry Rogozin earlier said that the serial
production of the newest Russian tank T-14 “Armata” could begin in 2019.°

The prominence of the prefix vautri- ‘intra-’ suggests a focus on internal relations, for example when
they correlate with Russia’s ambitions to weaken the Western countries from within:

(3) Pri étom Putin v ékskljuzivnom interv’ju avstrijskomu telekanalu ORF zajavil, ¢to ego vstreca s
Trampom do sich por ne sostojalas’ iz-za oZestocennoj vnutripoliti¢eskoj bor’by v SSA. (https:
//www.vesti.ru/doc.html?id=3024574)

‘Putin said in an exclusive interview with the Austrian TV channel ORF that his meeting with Trump
had not yet taken place due to the fierce intra-political struggle in the USA.’

The prefix giper- ‘hyper-’ shows the strongest increase of all the prefixes, especially from 2017 to 2018.
In parallel, the prefix sverch- ‘over-, super-” with a similar meaning also increased its activity. They are
associated with the militarization of Russia reflected in the political discourse, especially the development
and introduction of powerful weapons in the Russian military arsenal:

(4) Putin upomjanul o rakete s jadernoj énergoustanovkoj, okeanskoj sisteme s bespilotnymi podlodkami
na jadernoj ustanovke i giperzvukovych raketach ”Kinzal”. (https://www.newsru.com/russi
a/23mar2018/kremlinglad.html)

‘Putin mentioned a nuclear-powered missile, an oceanic system with nuclear-powered unmanned
underwater vehicles and the hypersonic missiles “Kinzhal”.’

(5) Unictozat’ protivotankovye orudija, bronetechniku i betonnye doty protivnika “Terminator”
sposoben s pomosc’ju sverchzvukovych raket "Ataka-T”. (https://rg.ru/2017/09/07/ros
sijskie-terminatory-pokorili-voennyh-sirii-i-izrailia.html)

‘The “Terminator” is capable of destroying anti-tank guns, armored vehicles and enemy concrete
pillboxes with the help of the supersonic missiles “Ataka-T".”

The prefix ul’tra- ‘ultra-’ is often used with bases denoting political orientations like left, right, liberal
and nationalist, for instance referring to events in the West:

(6) V poslednie mesjacy v Germanii usililis’ ul’trapravye nastroenija. (https://www.gazeta.ru/
politics/2018/11/30_a_12078325.shtml)
‘Ultra-right sentiments have intensified in Germany in recent months.’

The prominence of the prefix trans- ‘trans-’ is connected to the crossing of geographical spaces, for
example in contexts where Kremlin’s intention of splitting the West is expressed:

(7) I v Kieve, i v Brjussele, i v VaSingtone, i v absoljutnom bol’sinstve zapadnych stolic net nikakich
somnenij v podgotovke Kremlém masstabnych vmesatel’stv v izbiratel’nye processy, c¢toby slomat’
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opasnoe dlja agressora evropejskoe edinstvo i solidarnost’ s Ukrainoj, vnesti raskol v transat-
lanticeskij al’jans i podderiat’ populistskie, nacionalistiCeskie i evroskepticno-politiceskie sily.
(https://1life.ru/p/1143537)

‘Both in Kiev and in Brussels and in Washington and in the vast majority of Western capitals, there
is no doubt that the Kremlin is preparing large-scale interventions in the electoral processes in or-
der to break the dangerous European unity and the solidarity with Ukraine, which is dangerous for
the aggressor, to cause a split in the transatlantic alliance and to support populist, nationalist and
Eurosceptic political forces.’

The prefixes anti- ‘anti-’ and kontr- ‘counter-" with the meaning of opposition show a decreasing trend
throughout the time period. It suggests less polarization in the reporting over time. In the beginning of
the studied time period, Putin’s return to the Kremlin caused street protests in Russia:

(8) Aktivisty prokremlevskich dviZenij razdavali vsem Zelajuscim georgievskie lenty i kricali ” Putin ljubit
vsech!”, a protivniki izbrannogo prezidenta skandirovali antiputinskie lozungi. (https://utro.r
u/articles/2012/05/07/1045258.shtml)

‘Activists of the pro-Kremlin movements handed out St. George ribbons to everyone who wished it
and shouted “Putin loves everyone!”, but the opponents of the elected president chanted anti-Putin
slogans.’

The early 2010s is also the time of armed conflict in the Caucasus:

(9) Obstrel skoly proizoSel v chode kontrterroristieskoj operacii, kotoraja provoditsja v Bujnakskom
rajone s 5 sentjabrja. (https://www.vedomosti.ru/politics/news/2012/09/14/skr_shko
luinternat_v_bujnakske_obstrelyali_iz_minometa_po)

‘The shelling of the school occurred in the course of an anti-terrorist operation that has been un-
derway in the Buynaksky district since September 5.’

The prefix mezZ- ‘inter-" also displays a decreasing keyness trend during the actual time frame and that
points to less interconnectedness between different political forces as in this example from the beginning
of the time period:

(10) Usilija meZdunarodnogo soobscestva doliny byt’ napravleny preZde vsego na dostienie meZsiri-
Jskogo primirenija. (https://rg.ru/2012/02/27/putin-politika.html)
‘The efforts of the international community should be directed first and foremost towards achieving
inter-Syrian reconciliation.’

5 Discussion

In this preliminary work, an approach to probe a discourse by using prefixal keymorphs in combina-
tion with a derivational resource within the framework of Corpus-assisted discourse studies has been
described. The results suggest that a derivational keymorph analysis has the potential to reveal general
properties of a discourse. A refinement of the methods awaits further research.
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